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Goals for today

• Understand the performance of groups as a process of statistical
aggregation

• Learn about when crowds vs. experts vs. select crowds will do best 

• Learn about how psychology is using the tools of 
aggregation/consensus to change the way economic and political 
forecasting is conducted 

3



When groups work: Wisdom of the crowd!

Francis Galton, 1822-1911

Galton, F. (1907). Vox Populi. Nature, 75, 450-451.

True weight = 1198 pounds

“This result is, I think, more credible to the 
trustworthiness of a democratic judgment than 
might have been expected.”

Statisticized groups can be powerful!
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Not just your average kind of joke ;)

Why groups work



Your turn!
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Image created with AI (ChatGPT 4o), March 29, 2025 

In which areas of (your) life do 

you come across consensus-

based judgments?

Discuss with your neighbour(s)
~2 minutes
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à Whose opinion should people follow if they desire to 
maximize their accuracy, and whose do they follow 

when making these decisions? 
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***Mannes, A. E., Soll, J. B., & Larrick, R. P. (2014). The wisdom of select crowds. Journal of Personality and Social 
Psychology, 107(2), 276–299.

Key reading: 
The wisdom of best judge, crowds, select crowds 

Image created with AI (ChatGPT 4o), March 29, 2025 



In this paper, Mannes and colleagues: 

• use simulations to show the relative performance of crowds, best 
judge, or select crowds as a function of environment/judge 
performance

• show the relative performance of crowds, best judge, or select crowds in 
real environments

• use surveys/experiments to evaluate people’s intuitions about the 
performance of statisticized groups (crowds, select crowds) vs. best 
judge
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The wisdom of best judge, crowds, select crowds 

***Mannes, A. E., Soll, J. B., & Larrick, R. P. (2014). The wisdom of select crowds. Journal of Personality and Social 
Psychology, 107(2), 276–299.



Expectation (hypothesis): success of aggregation relative to a best judge (expert) or a team of 
experts (select crowd) depends on the distribution of knowledge (dispersion) and 
population bias (bracketing)

§ Dispersion in expertise: degree to which members differ in their ability to estimate the criterion 
accurately, regardless of the level of expertise (e.g., zero dispersion could be all novices or all 
experts)

§ Bracketing: frequency with which any two judges fall on opposite (either) sides of the criterion 
(correlated / biased error)
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Aggregation of inferences

***Mannes, A. E., Soll, J. B., & Larrick, R. P. (2014). The wisdom of select crowds. Journal of Personality and Social 
Psychology, 107(2), 276–299.

Judge 1 Judge 2

400 800

200 100

550 980

700 900

800 300

599 700

50 1000

550 650

500 700

400 500

A super simplified 
example to give you an 
intuition 
(truth/criterion = 600)

(NOTE: this is not how you 
actually calculate bracketing 
rate because we are not 
considering all possible 
pairings of judges!!!)

• High bracketing → if you pick random 
pairs of judges and the criterion is frequently 
between the judges’ estimates → good sign 
for the crowd’s diversity of thought
• Low bracketing → if you pick random 
pairs of judges and the criterion is frequently 
to one side of the judges’ estimates → all 
guesses may be biased in one direction
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à Do select crowds 
provide a robust strategy?

Aggregation of inferences

***Mannes, A. E., Soll, J. B., & Larrick, R. P. (2014). The wisdom of select crowds. Journal of Personality and Social 
Psychology, 107(2), 276–299.
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Figure 2. Performance of judgment strategies for a simulated
crowd of 50 judges. The performance of the best member is
indicated at k 1, of the whole crowd at k N, and of select
crowds at 1 k N. Curves are shown for judges ranked and
selected based on performance over seven levels of history. The
lowest curve in each graph (History 0) corresponds to choosing
k judges at random, and the highest curve (History )
corresponds to choosing k judges according to their true skill
based on a full history

Expected: 
Whole crowd

Expected:
Best member

Expected:
Select crowd

Expected:
Select crowd

***Mannes, A. E., Soll, J. B., & Larrick, R. P. (2014). The wisdom of select crowds. Journal of Personality and Social 
Psychology, 107(2), 276–299.

Aggregation of inferences: Simulations (discrete)



14

Figure 2. Performance of judgment strategies for a simulated
crowd of 50 judges. The performance of the best member is
indicated at k 1, of the whole crowd at k N, and of select
crowds at 1 k N. Curves are shown for judges ranked and
selected based on performance over seven levels of history. The
lowest curve in each graph (History 0) corresponds to choosing
k judges at random, and the highest curve (History )
corresponds to choosing k judges according to their true skill
based on a full history

Expected: 
Whole crowd

Expected:
Best member

Expected:
Select crowd

Expected:
Select crowd

Important patterns: 
1. Effect of environment on 
best strategy

2. Similar performance of 
select crowds for k +/- 5 
judges

3. Performance better with 
longer histories (but: 
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***Mannes, A. E., Soll, J. B., & Larrick, R. P. (2014). The wisdom of select crowds. Journal of Personality and Social 
Psychology, 107(2), 276–299.

Aggregation of inferences: Simulations (discrete)

Expected: 
Whole crowd

Expected:
Select crowd

Expected:
Select crowd

Expected:
Best member
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***Mannes, A. E., Soll, J. B., & Larrick, R. P. (2014). The wisdom of select crowds. Journal of Personality and Social 
Psychology, 107(2), 276–299.

Aggregation of inferences: Simulations (continuous)



18

Federal Reserve Bank’s Survey of 
Professional Forecasters 

Aggregation of inferences: Real data

***Mannes, A. E., Soll, J. B., & Larrick, R. P. (2014). The wisdom of select crowds. Journal of Personality and Social 
Psychology, 107(2), 276–299.



• People seem to have the intuition that the most accurate expert or a team of experts are about 
the same

• Possible reasons are beliefs about the (lack of) predictability of judges’ future performance rather 
than beliefs about the power of averaging
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Mean rating (1 = not at all accurate to 7 = extremely accurate) 

Aggregation of inferences: Lay intuitions

***Mannes, A. E., Soll, J. B., & Larrick, R. P. (2014). The wisdom of select crowds. Journal of Personality and Social 
Psychology, 107(2), 276–299.
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https://goodjudgment.com

Good judgment project

https://goodjudgment.com/
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Good judgment project
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Mellers, B., Ungar, L., Baron, J., Ramos, J., Gurcay, B., Fincher, K., et al. (2014). Psychological Strategies for Winning a
Geopolitical Forecasting Tournament. Psychological Science, 25(5), 1106–1115. http://doi.org/10.1177/0956797614524255

Good judgment project: Psychological interventions

http://doi.org/10.1177/0956797614524255
http://doi.org/10.1177/0956797614524255
http://doi.org/10.1177/0956797614524255
http://doi.org/10.1177/0956797614524255
http://doi.org/10.1177/0956797614524255
http://doi.org/10.1177/0956797614524255
http://doi.org/10.1177/0956797614524255
http://doi.org/10.1177/0956797614524255
http://doi.org/10.1177/0956797614524255
http://doi.org/10.1177/0956797614524255
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https://en.wikipedia.org/wiki/Brier_score

Brier Score (BS)

• a way to measure the 
accuracy of probabilistic 
predictions

• the lower the BS, the higher 
the accuracy
§ e.g., you predict the chance of 
rain tomorrow to be 70%. 

§ if it rains, your Brier score is 
(0.7 - 1)^2 = 0.09.

§ if it does not rain, your Brier 
score is (0.7 - 0)^2 = 0.49.

• ranges between 0 and 1

Good judgment project: A proper scoring rule

https://en.wikipedia.org/wiki/Brier_score
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Mellers, B., Ungar, L., Baron, J., Ramos, J., Gurcay, B., Fincher, K., et al. (2014). Psychological strategies for winning a geopolitical forecasting
tournament. Psychological Science, 25(5), 1106–1115. http://doi.org/10.1177/0956797614524255
Mellers, B. A. & Tetlock, P. E. (2019). From discipline-centered rivalries to solution-centered science. American Psychologist, 74(3), 290-300. http://doi:
10.1037/amp0000429

Check your understanding:
If BS ranges between 0 and 1, and lower BS means higher accuracy, what does a negative 
mean standardized BS tell you about the impact of training versus teaming and tracking?

Good judgment project: Psychological interventions

http://doi.org/10.1177/0956797614524255
http://doi.org/10.1177/0956797614524255
http://doi.org/10.1177/0956797614524255
http://doi.org/10.1177/0956797614524255
http://doi.org/10.1177/0956797614524255
http://doi.org/10.1177/0956797614524255
http://doi.org/10.1177/0956797614524255
http://doi.org/10.1177/0956797614524255
http://doi.org/10.1177/0956797614524255
http://doi.org/10.1177/0956797614524255
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What do you think makes 
a superforecaster?

Image created with AI (Bing), February 13, 2024

Your turn!
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Mellers, B., Stone, E., Murray, T., Minster, A., Rohrbaugh, N., Bishop, M., et al. (2015). Identifying and Cultivating Superforecasters as
a Method of Improving Probabilistic Predictions. Perspectives on Psychological Science, 10(3), 267–281.
http://doi.org/10.1177/1745691615577794

“[…] superforecasters have distinctive dispositional profiles, scoring higher on several measures of fluid intelligence 
and crystallized intelligence, higher on the desire to be the best, the need for cognition, open-minded thinking, and 
endorsements of a scientific worldview with little tolerance for supernaturalism. Table 3 shows that these same 
variables correlate with forecasting accuracy.”

Good judgment project: Superforecasters

http://doi.org/10.1177/1745691615577794
http://doi.org/10.1177/1745691615577794
http://doi.org/10.1177/1745691615577794
http://doi.org/10.1177/1745691615577794
http://doi.org/10.1177/1745691615577794
http://doi.org/10.1177/1745691615577794
http://doi.org/10.1177/1745691615577794
http://doi.org/10.1177/1745691615577794
http://doi.org/10.1177/1745691615577794
http://doi.org/10.1177/1745691615577794
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Mellers, B., Stone, E., Murray, T., Minster, A., Rohrbaugh, N., Bishop, M., et al. (2015). Identifying and Cultivating Superforecasters as
a Method of Improving Probabilistic Predictions. Perspectives on Psychological Science, 10(3), 267–281.
http://doi.org/10.1177/1745691615577794

“[…] superforecasters have distinctive dispositional profiles, scoring higher on several measures of fluid intelligence 
and crystallized intelligence, higher on the desire to be the best, the need for cognition, open-minded thinking, and 
endorsements of a scientific worldview with little tolerance for supernaturalism. Table 3 shows that these same 
variables correlate with forecasting accuracy.”

Good judgment project: Superforecasters

But wait … what 
do you make of 
the size of these 

correlations?

http://doi.org/10.1177/1745691615577794
http://doi.org/10.1177/1745691615577794
http://doi.org/10.1177/1745691615577794
http://doi.org/10.1177/1745691615577794
http://doi.org/10.1177/1745691615577794
http://doi.org/10.1177/1745691615577794
http://doi.org/10.1177/1745691615577794
http://doi.org/10.1177/1745691615577794
http://doi.org/10.1177/1745691615577794
http://doi.org/10.1177/1745691615577794


Summary

• Statisticized groups: Statisticized groups can work well. Understanding the 
performance of groups as a process of statistical aggregation involving different 
factors - dispersion and bracketing - helps predict when select crowds (or other types 
of aggregation) will do best.

• Crowds vs. single experts: Aggregating preferences over a whole crowd works 
best when there is low dispersion of knowledge and high bracketing. Trusting a single 
expert makes sense if he/she has all the knowledge!

• Select crowds: Often, teams of experts seem to provide a good balance by 
capitalising on dispersion and bracketing.

• Psychological interventions: Training, teaming, and tracking (processes which 
incorporate probability training, scenario thinking, and forecast averaging) can 
meaningfully enhance judgment and improve forecasting accuracy.
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Have a good week and see you in April!
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https://sciencetaskforce.ch/en/home/

What kind of groups are scientific task forces? Can one make 
recommendations about how experts should interact in these settings?

https://www.youtube.com/watch?v=L7uBwyr0sdg

Appendix (not mandatory)
Example: Improving science task forces

https://sciencetaskforce.ch/en/home/
https://www.youtube.com/watch?v=L7uBwyr0sdg


Shea, K., Runge, M. C., Pannell, D., Probert, W. J. M., Li, S.-L., Tildesley, M., & Ferrari, M. (2020). 
Harnessing multiple models for outbreak management. Science, 368(6491), 577–579. 
http://doi.org/10.1126/science.abb9934

Combining Deliberative and Staticized Groups
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“Disparate predictions during any outbreak can hinder intervention 
planning and response by policy-makers, who may instead choose to 
rely on single trusted sources of advice, or on consensus where it 
appears. (…) 
To harness both the creativity of individuals and the insights of groups, 
variations on the Delphi method (developed by the RAND Corporation 
in the 1950s and included within the IDEA protocol) and the Nominal 
Group Technique involve both independent and interactive stages in an 
iterative elicitation process. The expert judgment literature shows that a 
failure to manage the elicitation process well can lead to generation of 
biased information and overconfidence. Expert judgment approaches 
have been used for elicitation from individual experts in a wide range of 
relevant settings, such as development of clinical guidelines, and in 
conservation and ecology.”

Appendix (not mandatory)
Example: Improving science task forces
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Marcoci, A., Vercammen, A., Bush, M., Hamilton, D. G., Hanea, A., Hemming, V., Wintle, B. C., Burgman, M., & Fidler, F. (2022). 
Reimagining peer review as an expert elicitation process. BMC Research Notes, 15(1), 127. https://doi.org/10.1186/s13104-022-
06016-0

Appendix (not mandatory)
Example: Improving peer review

https://doi.org/10.1186/s13104-022-06016-0
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Herzog, S. M., & Hertwig, R. (2014). Harnessing the wisdom of the inner crowd. Trends in Cognitive Sciences, 18(10), 504–
506.

Appendix (not mandatory)
A better crystal ball: The inner crowd


